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Abstract: Performance of genetic algorithms is dramaticly imfluence by algorithmic settings. To improve the research per-
formance of genetic algorithm and avoid its limitation of local optimization, a new adaptive genetic algorithm is applied to
optimize three standard benchmark functions selected in this paper. The comparison between the results of the present al-

gorithm and that of simple genetic algorithm shows the technique has improved the performance of genetic algorithm.

Key words: genetic algorithm; adaptation; optimization; stereo matching

1 3§

TERAERIE T BB B R S RE R
AR w2 Bl of A8 SR AR AR SR
ANBTER G TR A R BB S, DA I A W8T T R BT B 1
RE 6], 25 5 Bk R s , R Bl 2 /g

BRI MIE R E ' Bk RS A
TRER RN B R PP E , T -5 S
ZRESHHTW, L, BESERE —HEX

AR A EES U R RENS
ﬁ—ﬂﬁ%ﬁﬂilﬂ%{ﬁ,@?ﬂfﬁiﬁﬁﬁﬁﬂéj\?ﬁféﬂﬁﬁ
RYCR. HIERBAL B R AA T ERVFR SIS
BAERAER , AR ER Y TAMER LR, &
FHBENNETMSHEE, FEEEFRERN
AP AREREAT S B s

AR R S RE, B R SR

WHR B 2009-08—-17; {&E BHE: 2009-09-19
E£TE: BX HARREESTA (40874094)

B A SRR, SC AP K — BT 19 1 3 L8 15 58 vk
FIT BB A, X =438 8 bR HE B 1 eR B A T
T AL, R T AR B G B UL T . SRS
RERXFHER LR 7 H RO RMERE, )
BT BUTFRCR .

2 —HRERNE

BB AL B B ISR EE AR B S SN S
WEA L, M EEERETRTETREERT
BHTSERSSIARE, @SR B R
BERANZE AR B AL B, 2 SRR BT
MRS H B Rrgemt | i — R B EE, RS A3
SERBZ SR FNE SR NI X B i R =
6] DT REBE ST, T BV R EE B D R R , 5 TR BBl
R BAER AR . B B IE R HLR AT RR A .



194 e T SR

2010 4£

P, N <N,
P, = N-N; (1)
PCO+(Pcmax—‘Pc()) N , N>Nf
PmO’ Nng
P = N - N;
Pm0+(Pmmax'_Pm0) N 5 N>Nf
(2)

HHf1, P F P, 20 B JRAZ SUBESRFIAS SRR AT
AELs Pnax F Py RPN/ T TR, N I EA M
FHE RER PR N, A DRT 1 EE
HN < N, B RETHAENZHEENO,
HH P M P, AT YIGEAE Poo A Po-
TS B B E R, B N >

Ny By P, FIP,, B3R
N,
P. = Ponx = (Panax = Poo) * (3)
N
Pr = Pras = (Pmax = Po0) * N (4)

B (3).(4) TLES, Y MBS — €, P,
MP, &HEN PR IRK, 3, MR L
HFe AN REGE S — & WEE(BP Np) B, Bk
22 B AN HE AR S8 R 138 AR R NS FAR
BB LB ERE, S0 R
SCE L P RGBSR T B BIE R
i, P BRE Po Ml Py 57 51EL0.7 F11.0. FTLUE
HOARFRE NeEX P, # P, FRE R AR, ER
AR F P EAR RS PRE LA e Ny A

1

Pc

0 20 40 60 80 100

3.1 R&EMRL

SRIRAESCH ) BB R A A R R =4
B HROPRE R B AT PR RE IR, B R R A K
WM 1 PR X = REAR 2 B/ ME R, & R ME
¥R 0, Hoep £ R— SR SIS R £, R RR
fiib F— BB RA D, BB £ BB RS,
BAEMRERHRME, Xk /MEMEE 5 2RI IE

PR B 3G XK, WSO S I
#z1 AREY

Function

solution space

10
filz) = Dji- 2 -5 2 <512
i=0

9
folxi) = ElOO(Iin -2+ (1 - 5;)? —2.048 < x; < 2.048
)

10
filz) =10x10+ D[22 =10+ cos2r + )] ~5.12< <512
i=0

AR B R s Ay R AT RS, LR T
LA BB 5 L bR Ia R P A B —— X RE, R
ARG RE . 0k 138 I B R BOT R R

F=C - fi(z), i=1,2,3 (5)
Hep i REBHIFES, C, AKT fi(2) RIEFE,
Pl fR F; RERT 0.

BH:MBHPOLBEINR 2 PR,
F2 HENMBHIGE
BH Bl
FPRERLAE ‘ 50
BRAAH 200
TP S B HE
RXHTF L 538
TRET G
Py 0.7
P 0.01
Prax 1.0
P 0.3
Ny 6

SrHIKE B IE B AE B B (AGA) MR IR EH
Z(SGA) AT =M m i, SRk
R, BEHEBRERSGRWE 2 Fin. TLUUE
B, %3 = AR AE BB AL, SGA {UAE #E AL %)
BB #, BEJG S8t AGA #Bid I — B IF e Bl &
& RRRRTERT £ R, £ SRR
TIREBRBAR PR T, X 7T R i R B
Xof BB TR BB 2 . X FAHRT ELER B 4 £ RS,
SGA & Bt 2R I LRI T ik, B8 b SGA &7
BERBEREE. BETF, AGA XX L6 i rR 4K
AIIE R IERERI H SGA KIS, BUS BT HIRUER .

3.2 MtkEE3RITA

3 H 7 AR 5 6} DL BC A2 8 B AS R R A R B

B BV T , AT 30 57 (4 R ST BRBE Al 1, AT



BILP:—F B AR R R R 195

0 30 60 90
Generation

(@) f,

30 60 90 120 150
Generation

®) £

30 60 90 120 150
Generation

© /4
H2 HRERAER

SBEMRA = R R, SO R A A F R
MIHE, BV — W E RN B ER L, 15—
WG 1 bR A HO3R ,  51 U
SR PR 2 AR IR DR B RO B A2
e HH R B /N BLBUARR R R o5
5,7%X7,9%9,,19 x 19 @S BEEEXNERE
NI, 9T LA 52 BB AT UG SR

HI P30 BRI B — AL AR, B
SR AR R R, HOE U
5T 5B S B E bR R B

fe= g O 2 1 1 ay) -~ Lulx + d(z,

yENzEM

¥),y) |
Hoh, z, y REICE SN E, d HITE S (x, y) 40
FIRRZE{E, N FIM 8 OB EH

& 3 D30 B3E R st Bk F Tsukuba SR
B e s 51, A B (a) NEBR W R, B
(b) AEEXT A, B (o) MBI SER SR .

4 HERiE

RS T —FETR BE MR AR, PR
RIT BB AN B R DT T A . SR T B0 B 38 O AL 1 T
A ERER R B P HBERERR, 4T
PR AR n S —E B, Bk s
B Bl RS SRR A AR S R, 8 0 vk X
=S R B ITRERE ) , #E By vk Bk L R R , 5 TR 2l
BB HE AR . S0 A SRR, XA B3E N
PLRER] T —EROR 118 TRERER Y.

@QER

© TREHR

B3 BREEER



196 ol TS AL

2010 4

SE

(1] R VEAORE, T i B KR A SR TE S B e
BRI (M. S T2 571 B4, 2008,25(8) : 23 ~
25.

(2] Goldberg D E. Genetic algorithms in search, optimization
and machine learning [M]. Boston: Addison — Wesley
publishing, 1989.

(3] sk, R AR, EAEME . —Fnst 2 B B ARk i BUSR
MEKB T =M. BB T2 5718, 2008,25(4)
105 -107.

(4] 2B . —FoR AR A IBIRE p B B R AE A [T ).
T 5L, 2009,26(2) : 115 - 117.

[5] Hwang S F, He R S. Improving real — parameter genetic
algorithm with simulated annealing for engineering problem

{J]. Advances in Engineering Software, 2006(37):406 —
418.

[6] Zhang J, Chung HS H, Lo W L. Clustering — based adap-
tive crossover and mutation probabilities for genetic algo-
rithms{ J]. IEEE Transactions on Evolutionary Computa-
tion, 2006,11(3):326 —335.

[7] Hinterding R, Michalewicz Z, Eiben A. Adaptation in
evolutionary computation: a survey [ C]// Proceedings of
IEEE International Conference on Evolutionary Computa-
tion. Piscataway. NJ., 1997:65— 69.

BB/
BILE 5,01975-), 8L, Y. BESE r oy AT RES
RTEARKEN.

(4% 192 ®)

[2] Ivor W Tsang, James T Kwok, Pak — Ming Cheung. Core
vector machines: Fast SVM training on very large data sets
[J]. Joumal of Machine Learning Research, 2005(6) :363
-392.

[3] Lessmann, Stefan Li, Ning Voss. A case study of core
vector machines in corporate data mining[ C]// Proceedings
of the 41st Annual Hawaii International Conference on Sys-
tem Sciences. Hawaii, 2008:78 — 78.

[4] Ivor W Tsang, Andras Kocsor James T Kwok. Simpler
core vector machines with enclosing balls[ C]// Proceedings
of the Twenty ~ Fourth International Conference on Ma-
chine Learning (ICML). Corvallis, Oregon, USA, 2007.

[5] Asharaf S, Narasimha Murty M, Shevade S K. Multiclass

core vector machine[ C]// Proceedings of the 24th interna-
tional conference on Machine learning. Corvalis, Oregon,
2007:41 - 48.

[6] Ivor W Tsang, James T Kwok, Jacek M Zurada. General-
ized core vector machines[J]. IEEE Transactions on Neu-
ral Networks, 2006,17(5):1126 — 1140.

fEE B!

W L,(1983~ ), @ L. BIFE AR % HLERFE
X BT E.

BEEg 5,964~ ), 81,848 R ANERS
3 BT A TR R



